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Fig. 8 Monitoring results of buildings in a large area cultivated land non—agriculturalization.
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Remote Sensing Monitoring of Cultivated Land Buildings Integration of
High—Resolution Network and Dual-Branch Structure

Liu Zhen'?,Liu Deer'?,Zhao chen’

1.8chool of Civil and Surveying Engineering, Jiangxi University of Science and Technology, Ganzhou, 341000, China;
2.Jiangxi Provincial Key Laboratory of Water Ecological Conservation at Headwater Regions, Jiangxi University of Science and
Technology, Ganzhou, 341000, China;,
3. Fujian Jingwei Digital Technology Co., Ltd, Fuzhou, 350001, China

Abstract: The arable lanw gr ensuring the sustainable development of agriculture, and rapid ES) r;@%mg of the non-

farming behavior of ar: is of great significance to China's food production and securlty el m discriminate
occupation of r for non-farming construction, this paper proposed a new metho e ta e non-farming
behav1wﬂ and in high-resolution remote sensing images. Firstly, a sub- meter-le\é ulldmgs in potential non-
turalized areas was constructed based on multi-temporal remote sensing data; then, the of buildings in potential non-
agriculturalized areas was completed using the Deep Learning Model for Monitoring Non- }:é
(DHRformer) designed in this paper. The DHRformer model consisted of a high- r ﬁ@
which enhanced the feature information of non-agricultural buildings through I’E)Eﬁ cale fusion and expansion strategies so as to obtain
richer information about the details of non-agricultural buildings.The Hecheng District in Huaihua City was selected as the study area, where
the DHRformer model, along with several popular semantic segmentation methods and traditional methods, was employed for comparison.

ralization Behavior of Cultivated Land
network and a two-branch decoding structure,

The experimental results show that this paper's method has better performance in segmentation and edge characterization of potential non-
agriculturalized buildings, reaching 89.81%, 89.37%, and 80.35% in F1-score, mAcc and MIoU accuracy metrics, respectively, and the
segmentation accuracy is better than that of existing methods and Conventional methods.Thus, the DHRformer model proposed in this paper

© CGEJEFAR



12

has high practical value in the task of monitoring the non-farming behavior of arable land.

Key words: non-agriculturalization of cultivated land, building segmentation, high resolution network, two-branch ¢ oding structure,
encoder-decoder, high resolution image
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